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Design of An Intelligent Agent for Stimulating Brainstorming
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Algorithm 1. Divergence Process.
1. Ly « label queue records the result by sorting all Lg,;
2. forfinLly:
a.  ifLy,==0:
1) ¢ < randomly select a label from £ to the last
label of L%;
2) return label ¢;
b, if Ly, <ty
1)  return label #;
3. end divergence process and enter the next stage.
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Algorithm 2. Convergence Process.

1. £ « the top label of the result by sorting all Lx,;
2. if Ly <Ty:

a.  return label £;
3. ifLyy<tg:

a.  return label £;
4. end the convergence process and enter the end of

brainstorming.

6 55 DPM FAU s A

st W IBAE A Alg.2 > R IZHA(EF I 7, ~ 75 2K
TEHERE T, SRR HIAVEE SRR LR 0 v IS E RiEET
s B LR - FEWEUBTERY EE SRR A B g AR H Al
sfam A MHINE - BEIE SRR e A o AEAIE EY
AT e i By EREE (F HATE R - 36 B HE it
FEATH R AR SR B R EUE A 73 il CAGR 2 (I - T
e R IR - BB el R o A P H AR S E (A1 AE
AT H R BRI T THAET S AR A e 5 > AL AR IS
Bt Rz AP IR oR R > RIE (o A Al
FETam > S0 A S SRR RE S A S 2R ARYSOR -

538 > AR AU A WP B R AR o (RIS A E
shdtat > HIERIBCR SRR > DIEORRPEE A H R E



REGHHERINERME O A HERAEFRE - (RERR
NESgEt Rt H 5 > BEETameviErT -

C. [/ E1T# 5 (RGM)

AR FAE A R OEAINE - $HEE Tt -

Wty % e B E A ) £ R () - IR Sm R E YA T - B
B SR AR S > SRR R S (A
Deard) A = EUE M Erad oy pliEsa ¢ 2 (10) -
Al {5 FH TextRank R3] - G R s 5% B = T HYE
M S (1) - RF o B s & 188 Ry ik FIEIRESREE] 3¢ (12) © %

% WENHRREEZEFR AT M (13) - Bk

FIF 4R BRI P SOCEN R EFEREE - DL Word2vec
SHELE[S]F R H AR A > SRR ER > IR A E
BB Y = A A i R B I — E AR £ IRYER 2 (14) > 3
JE A e S EA R SR AR AHRE o S ARG Y S R R R T
RS K (15) - AR F]F Nawe Bayesian #4504
SHEDE6] > SRR ESITRHE B R SR IB 46 TR
HERNAREIINEESANE  FEZIEESIIIE
BEHEEEE N (16) - &% SEIEZE AT - R
SENGERES KA TIIEE  GFERAEIE B IEfEERE
B EE S A5 ¢ (17)

M;=P Py Py (10)

St = TextRank(P,) for Py in M; (11)
K, =P, for S} is the top in M; (12)
M =P PPy Py letPp=e (13)

where P, =K, and 1 < £ < %,
e: sign for empty mark
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N, = NaiveBayes(M;) (16)

C = {(MIK;IN)} (17)
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N’ = AVG(NaiveBayes(1,)) for 1, in R’ (19)
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Algorithm 3. Response Generation.
£ ~ 8 « get the label and current situation from DPM;
2. if sis not for continuation and not for divergence :
a.  return a response from the specified set A, randomly;
3. if sisfor divergence :
a. 1 < getaterm from the target € cluster randomly;
b.  combine a sentence from the set A, with £ and
return;
4. if &is for continuation :
a. accumulate the average emotion value NV’ from R’;
b. £ < getthe keyword from R’;
c. if #isin ¥ cluster:

=

1) £« &
d. else:
1) ¢ < getaterm from the target ¢ cluster
randomly;

e. 7« {(M|K/|N)|t in K/} for all 3-tuple in C;

f.  M'~d < get M/ and the distance by finding the least
distance |N; — N'| from 7;

g ifd<t,:
1)  combine M with £ and return;

h. else:
1)  pass this time.
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